We examine the long-term outcomes for a population of teenage mothers who give birth to their children around the end of high school. We compare the mothers whose high school education was interrupted by childbirth (because the child was born before her expected graduation date) with mothers who did not experience the same disruption to their education. We find that mothers who gave birth during the school year are 5.4 percentage points less likely to complete their high school education, are less likely to be married, and have more children than their counterparts who gave birth just a few months later. The wages for these two sets of teenage mothers are not statistically different, but with a lower likelihood of marriage and more children, the households of the treated mothers are more likely to fall below the poverty threshold. Although differences in educational attainment have narrowed over time, the differences in labor market outcomes and family structure have remained stable.
Introduction
An extensive body of literature has established a strong correlation between teenage childbearing and poor economic outcomes later in life. Teenage mothers are less likely to complete high school, are less likely to be working, have lower earnings, and are less likely to be married than those women who did not become teenage mothers (Card and Wise 1978; Ellwood 1989; Trussell 1988; Upchurch and McCarthy 1990) . However, evidence has shown that the young women who have children as teenagers come from less advantaged backgrounds than those who delay childbearing until later in life (Abrahamse et al. 1988; Hayes 1987) , making it very difficult to determine whether having a child as a teenager causes the poor economic outcomes or whether they are symptoms of the less advantaged upbringing that is also correlated with these outcomes. In fact, the few studies that have used more sophisticated identification methods than comparing teenage mothers with those who delayed childbearing have found that the effect of teenage childbearing on economic outcomes is small (Ashcraft et al. 2013; Geronimus and Korenman 1992; Hotz et al. 2005; Olsen and Farkas 1989) .
One clear difference between women who have their first child as teenagers and women who do not is that a teenage mother's high school experience is more likely to be interrupted by the arrival of her child. A common policy prescription for improving the economic well-being of teenage mothers and their families is to make sure that the mothers have the necessary support to graduate from high school, and we aim to shed light on whether this type of policy is likely to have the intended effect. We look at the effect of having a child during high school versus becoming a young mother after already having finished high school. Specifically, we compare the outcomes of women who had a child near the end of their senior year of high school (treatment group) with those who have a child just after the (expected) end of high school (control group). In classifying women into groups, we assume normal school progress. We define "near the end of their senior year" as occurring in the six months before the end of women's expected senior year of high school, regardless of whether they have already dropped out or have been held back along the way; we define "just after the end of high school" as occurring in the six months after the graduation date, regardless of whether they graduated. In the next section, we discuss this assumption as well as other issues related to sample construction.
These two groups are similar in many respects, even when it comes to the interruption caused by childbearing. Both groups of mothers discover they are pregnant while they are still of high school age, so any changes in expectations for the future as well as any resulting changes in investment in education could begin for both groups before expected graduation. Changes in investment could include the decision to drop out of high school or the decision to return to school after having dropped out, which Upchurch and McCarthy (1990) found to be an important reason for the difference in high school graduation rates for young mothers. In addition, both groups of mothers will begin to experience physical changes related to pregnancy, including morning sickness, before graduation. To the extent that these changes make remaining in school difficult, both groups will experience at least the first trimester of pregnancy before graduation. The experiences of the young women in the treatment and control groups differ in two primary ways. First, women in the treatment group learn of their pregnancy and experience pregnancy symptoms earlier in their high school career.
These women need to remain in school longer after becoming pregnant to make it to graduation, and any challenges or changes in investment will begin earlier, relative to their expected high school graduation. Second, only women in the treatment group experience the acute change in demands on their time from needing to care for an infant and health effects from delivery prior to graduation.
This natural experiment does not allow us to identify the effect of becoming a teenage mother, given that both the treatment and control groups comprise teenage mothers. Instead, the differences that we find identify the effect of this relatively small difference in timing for the population of teenage mothers. We find that women whose high school education was interrupted by the birth of their child are 5.4 percentage points less likely to complete their high school education than those who had their first child a few months later. We also find that the interruption of schooling affects later-life outcomes of the teenage mothers. Young women who have a child prior to their expected graduation date are slightly less likely to be working or married and have a higher number of children, on average. We find no statistically significant difference in earnings for the women whose education was interrupted. As a result of having more children and a lower likelihood of being married, they and their families are more likely to fall below the federal poverty line (FPL).
Our finding that the sizable difference in educational attainment has no estimated effect on wage income differs from the majority of studies that estimate the signaling value of a high school degree and find (sometimes large) positive effects (see, e.g., Jaeger and Page 1996; Tyler et al. 2000) , but it is consistent with findings of Clark and Martorell (2014) , who found little evidence of a signaling effect when comparing high school seniors who score just above the passing threshold on their high school exit exam with those who score just below. Knowing the difference in the value of a degree for this population is important for policy-makers who have worked hard to increase the graduation rate for teenage mothers. For example, one of the benefits of Title IX of the 1972 Educational Amendments to the Civil Rights Act, which prohibits discrimination on the basis of gender, is that it has increased the high school graduation rates for teenage mothers (Guldi 2016) . We also see teen fertility responding to incentives produced by immigration policy (Kuka et al. 2018) . Understanding the potential long-term effects of these policies is important, both to know where the young women affected will be helped as well as where they may need additional support.
Data
Our study takes advantage of the fact that the timing of birth in the teenage years might matter for future outcomes. In particular, we look at a tight band of time around expected high school graduation. The main comparison examines the differences in outcomes for women who had their first child in January through June of their (expected) senior year of high school and women who had their first child shortly after the (expected) end of their senior year, between July and December. In a robustness check, we also consider a smaller window, where women had their first child in AprilJune for the treatment group and in July-September for the control group. The main identifying assumption is that the two groups of teenage mothers, who differ in the timing of their births by only a few months, do not differ prior to childbearing. In the upcoming section, Validity of the Identification Assumption, we provide evidence that this is the case.
The main analysis uses the population of 20-to 35-year-old mothers from the 1980 and 2000 censuses (U.S. Census Bureau 1980 Bureau , 2000 as well as the American Community Survey (ACS) (U.S. Census Bureau 2005 Bureau -2014 . One benefit of using census and ACS data is a large sample size. Our main treatment and control groups include more than 450,000 teenage mothers. The census data come from the long-form of the decennial census, a one-in-six sample of U.S. households that were asked a longer series of questions, including questions on education, labor force status, and income. The ACS is an ongoing survey of approximately 3 million households annually. The data we use come from the 2005-2014 ACS surveys. The sample is limited to women aged 20-35 at survey. For a woman to be observed as a mother, her child must be living in the same household when surveyed. The youngest mothers in the treatment group were 17 years old when they gave birth, meaning that their children turn 18 when the mothers are 35 years old. Figure A1 in the online appendix shows the relationship between the timing of the birth of the child and the date of the survey. We limit the sample to mothers who were at least 20 years old by the survey date to abstract from the end of high school, thus excluding those that became teenage mothers within two to three years of the survey date.
We use information on the relationship of the household members to the household head to identify mothers and children in each survey. The 2000 census data and the ACS include exact birthdate for both the mother and child. Using this information for the mother and for the oldest "own child" living with her at survey date, 1 we calculate each mother's age when she gave birth to her first child. However, the 1980 census includes only the age (on the survey date: April 1, 1980) and quarter of birth for both the mother and child. We use this information, together with the assumption that if both mother and child are born in the same quarter, the mother's birthday is first, to impute the age of the mother when she gave birth.
2 Figure A2 in the online appendix shows how women are assigned to groups. To assign women to the treatment and control groups, we assume that the cutoff for starting school is October 1 (the first day of the third quarter of the calendar year) and that everyone makes normal school progress. We assume normal school progress out of necessity (retrospective information on school progress at the time of giving birth is not available in the data) but also to abstract from any endogenous differences in school progress. By imposing normal school progress on all mothers, we introduce some measurement error but do not introduce any additional bias stemming from endogenous differences resulting from the pace of school progress. We also do not know, for the women who do not complete high school, when they dropped out of high school. Some may have dropped out before becoming 1 We only include children who are 18 or younger at survey date. 2 Because year of birth is not available in the 1980 census data, survey date is important for calculating each mother's age when she gave birth. For example, imagine a mother who was born on April 15, 1950 (Q2) and has a child who was born on May 1, 1965 (Q3). On survey day, the mother is 29, and her child is 14 (neither one has had their birthday yet). Here, it is easy to see that the mother was 15 years old when her child was born. Now, imagine that the mother was born on March 1, 1950 (Q1) . In this example, the mother has already turned 30 by April 1, but the child is still 14. Knowing that April 1 falls between their birthdays allows us to accurately calculate that the mother was 15 years old when her child was born, not 16. This is used only in 1980 because the 2000 census and ACS have exact date of birth, so approximating the quarter of birth is not necessary.
pregnant. The shaded rows in the first two columns represent the treated group, and the shaded rows in the third and fourth columns of Fig. A2 represent the control group. Each cell displays the school year at ages 17, 18, and 19 for someone who has made normal progress in school. For example, if a woman was born in Q1, had her first child in Q1, and was 18 years old when she had the child, she became a mother during January-March of her senior year of high school. She is assigned to the treatment group. However, if a woman was born in Q1, had her first child in Q3, and was 18 when she had the child, she became a mother during the summer after her senior year of high school and is assigned to the control group. Table 1 displays the summary statistics for the treatment and control groups as well as for a sample of women who delayed childbearing until they were between 23 and 25 years old.
3 Research has found evidence of seasonality in the types of women giving birth over the year (Buckles and Hungerman 2013) , so these women will be used to difference out any seasonality. Women who had their first child between January and June are the treated group, and women who had their first child between July and December are the control group. Among the teenage mothers, the treatment group is slightly younger at survey date, and a higher percentage of the group is black or Hispanic. These differences highlight the importance of including controls for age and race/ethnicity in the main specification. In addition, we stratify the results by race, looking at white, black, and Hispanic mothers separately both because of this difference in the treatment and control groups and because we believe these young women may have substantially different experiences due to unobserved differences in their environments. Table 1 also gives a first look at the main outcome variables of interest. The asterisks in the first column indicate a statistical difference between means for the treatment and control groups in the teenage cohort. 4 The treated group has fewer years of completed education and is less likely to have completed high school.
5 They are also less likely to be married, have more children, have slightly lower family income levels, and are more likely to fall below the FPL.
6 Figure 1 gives another initial picture of our main outcome variables of interest. The figure shows the average value of the education variables for women who had their first children in the months surrounding their expected graduation date. Although these figures do not include any of the control variables described in the next section and include only the women surveyed in the 2000 census and the ACS, they help us understand the nature of the first-stage variation (the effect of timing of birth on education). The probability of obtaining a high school degree increases leading up to and following expected high school graduation. However, we see do not see a break in trend or discontinuity, suggesting that the treatment is more continuous than one might expect. The timing of births is important for the probability of completing high school, but we do not see evidence that one particular time during this period around high school graduation matters most.
Although important for interpreting our results, the lack of an observed break in trend is perhaps unsurprising for a few reasons. First, all women observed in the 2000 census and ACS samples completed high school after passage of Title IX, which requires schools to provide equal access to education for girls, even if they are pregnant or have children (Guldi 2016) . So, it is very unlikely that schools would force girls to drop out or purposefully make attending more difficult because doing so would put their federal funding at risk. Second, giving birth is likely to disrupt schooling, and having an infant at home continues the potential disruption. So, the earlier the birth, the longer the mother must balance school and motherhood in order to complete her high school education. Similarly, the initial disruption might occur when the mother discovers she is pregnant. Even for our control group, this realization occurs during the school year, which might affect her likelihood of graduating. Finally, our measure of high school graduation includes those who received their General Education Development (GED) certification. Even if a mother drops out of high school, her likelihood of successfully completing a GED is expected to increase with the length of time she remained in school.
However, there is a break in the probability of having some college education or a college degree. For those giving birth after expected graduation, the slopes become steeper. Furthermore, it is interesting to note that although they are part of our control group, those giving birth during the summer between high school and college are even less likely to begin or complete college than those who give birth at the end of their final year of high school. This finding suggests that the summer between high school and college is a crucial period for college attendance decisions. This is also consistent with Upchurch and McCarthy's (1990) finding that reentry is important for differences in educational attainment. If the period after high school is a natural time to take a break from school, those who give birth exactly in that period might be least likely to return to school (start college) even compared with those who had to return in order to finish high school. Again, these graphs do not include any control variables, and the next section describes our estimation strategy that uses this timing to better identify the effect of the timing of teenage pregnancy on educational and other outcomes.
Estimation Strategy
To estimate the effect of an interruption in high school education on our outcomes of interest, we estimate the following equation, first for the full sample and then separately for white, black, and Hispanic mothers:
where Treat isarc is an indicator variable equal to 1 if individual i's child was born January-June, and Teen isarc is an indicator variable equal to 1 if the mother had her first child as a teenager. The coefficient of interest is β 1 , which measures the difference-in- differences for the outcome variable. It gives the effect of giving birth just before the end of high school rather than just after the end of high school, with seasonality differenced out by the sample of older mothers. Additionally, all regressions include a full set of fixed effects for state (Φ s ), mother's age at survey (Φ a ), mother's race (Φ r ), and survey year (Φ c ). Standard errors are clustered by state. We examine a number of outcome variables. First, we look at whether there is a difference in years of education or in the probability that the mother has completed at least 12 years of school.
7 Next, we estimate whether the interruption in education has detrimental effects on income or on the probability that her family falls below 100 % or 200 % of the FPL. Then, we look at whether there are any differences in family structure at survey date. Does she have more children, is the age gap between the first and second child larger or smaller, and is she more or less likely to be married?
Validity of the Identification Assumption
To validate our identification assumptions, we show that prior to their pregnancy, the young women in the two groups of teenage mothers, who differ in the timing of their births by only a few months, do not differ otherwise. In addition, within this small window, we argue that the timing of the birth is exogenous given that most teenage pregnancies are unplanned. However, it is possible that the young women in the control group were planning to have a child just after graduation. Then, we would be concerned that much of our variation is driven by wanting/not wanting to have a child. The following analysis attempts to rule out any pre-birth differences and any differences in planning.
Natality Data
We use Natality Data from the National Vital Statistics System of the National Center for Health Statistics from the years 1969-2012 to look at seasonality in the demographics of women giving birth over the year. The files contain a mix of either a 50 % or 100 % sample of births (depending on state and year). The records contain data on the mother's age, race, and number of prenatal visits.
In addition to overall birth rate, Fig. 2 shows changes in the racial composition and average number of prenatal visits over the year. Despite seasonality in birth rates and in the racial composition of mothers, the pattern is very similar for the two cohorts. One concern was that some teenage mothers plan to give birth just after the end of the school year, and that this differential selection into the control group might bias our results. If this were the case, we would expect to see a larger spike in teenage birth rates in the summer relative to birth rates for older mothers. The similarity in summer patterns helps alleviate the concern that this type of selection is problematic. Although the older cohort has more prenatal visits, on average, when compared with the teenage cohort, there does not appear to be strong seasonality in this measure for either group.
For all outcomes in Fig. 2 , we also run a simple difference-in-differences model, without any additional control variables and without clustering standard errors, to test whether any of these outcomes were statistically different. For the first two outcomes, the regressions are (necessarily) run after the data are collapsed into rates. We confirm no statistical differences in birth rates or the percentage of mothers who are black, although the sample size-after the data are collapsed-is small. For the number of prenatal care visits, the regression is run on the full sample of 36 million individuals. After differencing out seasonal differences for the older mothers, we find a statistically significant differencein-differences, indicating that treated teenage mothers have 0.05 fewer visits, on average, than the control group of teenagers. The direction of this difference indicates that the treated mothers might be less advantaged, or at least that they are less likely to see a doctor as often. However, this difference is very small, at roughly 0.01 of a standard deviation.
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National Survey of Family Growth
We use data from the National Survey of Family Growth (NSFG) to examine whether the treatment and control groups are similar on a number of additional measures, many of them determined pre-pregnancy. Although this data set is not ideal for the main analysis because of its small size and imprecise income data, it offers a number of interesting survey questions. The survey includes questions regarding sexual activity, sexual education, and family background. The variables we use are defined in Table A4 in the online appendix.
For each variable, we estimate the difference-in-differences, using a sample of 23-to 25-year-olds to difference out seasonality, as we do in the main results. These results are displayed in Table A5 in the online appendix. The difference-in-differences is not statistically significant for any of the control variables tested. These results lend credibility to the assumption that these are comparable groups. That said, the signs of the coefficients point toward the treatment group being slightly less advantaged than the control group. If this is truly the case, we will be biased toward finding a negative effect of having an interruption during high school. It will bias both the education and the income coefficients, which are both expected to be negative, to be larger in magnitude.
National Longitudinal Survey of Youth 1979
Finally, we use data from the National Longitudinal Survey of Youth 1979 (NLSY79). The NLSY79 offers a second look at some of the family background variables that are also available in the NSFG. These data also allow us to look at additional family background measures and measures of cognitive skills. Perhaps most importantly, for the subset of women who were surveyed before entering (expected) 11th grade, we can examine educational and family structure aspirations, measured before their pregnancies began. The variables we use are defined in Table A6 in the online appendix. As with the NSFG, for each variable, we estimate the difference-in-differences, using a sample of 23-to 25-year-olds to difference out seasonality. These results are displayed in Table A7 in the online appendix. First, we look at what will be two of our main outcome variables to check whether the pattern matches what we find in the main estimates. We see that, as expected, the treatment group completes fewer years of education and is less likely to graduate from high school, although only years of education is statistically different from 0. Next, we test a number of pretreatment variables. The difference-in-differences is not statistically significant for any of the pretreatment variables tested. In contrast to the NSFG analysis, examining the signs of the coefficients does not consistently suggest that the treated group is less advantaged. For example, the treated group's mothers are less likely to have completed 12th grade, but their fathers are more likely. In addition, although the treated group scored lower on the Armed Forces Qualification Test (AFQT) when surveyed in 10th grade or earlier, they said that they expected to obtain more years of education relative to the control group.
Results

Education
The outcome variable that is most likely to be affected by the disruption in high school from a teenage pregnancy is education itself. This is the first-order effect. If there is no estimated effect on education, we would not expect to see an effect on other outcomes. Table 2 displays the results from estimating Eq. 1 for four measures of education. As expected, there are fairly large and statistically significant differences in both the probability of receiving a high school diploma, the probability of having some college education, and the total amount of completed education between the treatment and control groups. The results for a college degree are mixed. Row 1 shows the effect on an indicator variable equal to one if the mother has a high school degree. The teenage mothers who have their child prior to their expected graduation date are 5.4 percentage points less likely to have finished high school than the control group, a 7 % decrease relative to the mean for the teenage mothers in our sample. The mean is displayed below the standard error for each coefficient. The effect is largest The second row shows the probability of completing some college education. Some college education is 0.9 percentage points lower for treated mothers, relative to the mean. Even though the timing of our variation is based on high school graduation date, the effect on college attendance is consistent with the expected effect of educational disruption. Most colleges require a high school diploma or GED for enrollment. Even if the teenage moms that miss their graduation date get a GED at a later date, they are less likely to have it in time for college enrollment than their counterparts that were able to finish the last several months of high school. The inconsistent results on college graduation imply that even those teenage moms who have their children after their expected high school graduation date struggle to complete college, which is consistent with Stange's (2011) findings and the pattern observed in Fig. 1 . For college completion, those who give birth during the following summer are at least as affected as those who give birth during high school because both have a child throughout their college career.
The last row of Table 2 displays the results for the mothers' total years of education. Column 1 shows that, on average, the treated teenagers completed 0.136 fewer years of education than the control group. Columns 2-4 show the results stratified by race. The magnitude, when measured as a percentage of the group-specific mean, is largest for Hispanic mothers and smallest for black mothers for this measure of completed education.
Family and Labor Market Outcomes
We show that an interruption in high school due to childbirth decreases the probability of graduating from high school by 5.4 percentage points, decreases the probability of attending college by 0.9 percentage points, and decreases total years of education by 0.137 years in Table 2. Tables 3, 4 , and 5 show the effects of this interruption on later-life outcomes. The biggest long-term effect of high school disruption due to teen fertility is on family structure. Row 1 of Table 3 shows that the treated teenagers are less likely to be married, and row 2 shows that they have more children, on average, than the control group. These effects show up for all groups. White women in the treated group also wait longer to have their second child than the control group, although this effect is smaller and not statistically significant for black and Hispanic women. It is hard to explain why the birth of a child during high school-rather than just after high school graduation-would result in a lower likelihood of marriage and more children, given that this is just a small change in first-birth timing. However, Lang and Weinstein (2015) found that teenagers who are unmarried at the time of conception get married younger, on average, or not at all. If teenagers who give birth during high school are less likely to get married right away than those who give birth just after high school, it might push more of them into the "not at all" category.
Next, we look at whether these large differences in educational attainment translate into differences in the labor market. Row 1 of Table 4 shows that the treated mothers are less likely to be working, but the magnitude is small, and the coefficients are not statistically significant for black or Hispanic mothers. Despite strong estimated effects of the timing of birth on completed education, row 2 shows no measured difference in mother's wage income between treatment and control groups. 9 The estimated coefficient is statistically indistinguishable from 0, and we can reject a wage loss of more than 0.8 % at a 95 % confidence level. Although the difference in educational attainment could be partly attributable to the fact that the treated group appears to be slightly less-advantaged according to the NSFG analysis, we would expect this to also bias the wage coefficients. The fact that even despite this potential downward bias, the coefficients are precisely estimated 0s, 9 The dependent variable in these regressions is log(wage), so women with zero earnings are excluded from the regression. When wage in dollars is used instead, and women with zero earnings are included, the story remains the same. The coefficients are small and statistically indistinguishable from 0. Given the crosssectional nature of the wage estimates, we cannot use a longer-term measure of earnings. The short-term measure we use might measure permanent income with more error, possibly attenuating the estimates. suggests that receiving a high school degree does not have any positive effect on wage income for this population. Row 3 shows that despite the lack of difference in mother's wage income, total family income is lower for treated mothers, and this difference is large and statistically significant for black and Hispanic mothers. Total family income combines the income of all family members-in particular, the spouse-which implies either lower spousal earnings for the treated group or reflects the differences in the probability of marriage observed in Table 3 . The combination of lower family income levels, but a higher number of children, means that the treated group is less able to meet their family's needs. Table 5 shows that the treated teenagers are significantly more likely to fall below 100 % and 200 % of the FPL. On average, they are 1 percentage point more likely to fall below 100 % of the FPL and 1.5 percentage points more likely to fall below 200 % of the FPL.
Differences Over Time and Over the Life Cycle
High school graduation rates have been increasing over the last several decades. The women surveyed in the 1980 census had their children between 1963 and 1978. The most recent sample, from the ACS, includes mothers surveyed in 2014, who could have had their children as recently as 2012. These young women faced very different environments and opportunities. We include fixed effects for the age of the women and the survey year to capture this heterogeneity in the main results. In Table 6 , we explore some of that heterogeneity. We find that both high school graduation and years of education effects are strongest in the 1980 census. For example, for those surveyed in the 1980 census, the treatment group is 9.6 percentage points less likely to have earned a high school degree, and that number falls to 2.6 percentage points for those surveyed in the 2000 census. The magnitude of the coefficient for high school graduation falls even further between the 2000 census and the ACS, but years of education remains stable over the more recent surveys.
Of note, though, is that Fig. 1 includes only the 2000 census and ACS samples, where the education effects are the smallest. If we were able to produce the same graphs for the 1980 census, where the effect is larger, we may have observed a discontinuous change in high school graduation. The labor market and family structure outcomes look fairly similar across survey years. The high school graduation rate here includes recipients of a GED certification. Some discussion in the literature (Jaeger and Page 1996) debates whether having a GED is equivalent to a high school diploma. The 1980 and 2000 census data do not distinguish the two paths to completing the high school credential, but the ACS separates them. Table 6 shows that the treated mothers were more likely to earn a GED, rather than a high school diploma, as expected. This implies that if we were able to separate GED recipients from high school graduates in the main results, the effect of the disruption from having a child prior to high school graduation would be higher than the estimated 5.4 percentage points. Outcome is = α + β 1 Treat is × Teen is + β 2 Treat is +β 3 Teen is + Φ s +Φ r + ε is . The regression is estimated separately for each year of mothers' age. The dotted lines give the 95 % confidence interval. It is important to note that these graphs also show differences between cohorts. For example, mothers who are aged 35 at survey were (mostly) born in 1945 (1980 -35), 1965 -35) and 1970 -1979 . Figure 3 shows the coefficients estimated separately by the age of the mother at survey date. These figures are meant to show the effect of teen fertility over the life cycle, although they could also partly reflect differences over time in the penalty for giving birth during high school. A 35-year-old mother, for example, was 35 in 1980, 2000, or 2005-2014 ; a 25-year-old mother was 25 in those same years. Thus, those who are age 35 as of the survey date were born, on average, 10 years earlier than those who were age 25 at the survey date. Nevertheless, the graphs provide insight on potential life cycle patterns. Most notably, the negative effect on high school graduation becomes smaller in magnitude over time (the coefficient trends toward 0), perhaps reflecting the fact that there is likely some catching-up in the form of GED receipt. In addition, we see a small but positive effect on log wage in the early to mid-20s, which declines and then levels out at 0 around age 29. This would be consistent with a motherhood earnings penalty (Chung et al. 2017; Lu et al. 2017; Staff and Mortimer 2012) affecting the treated group less than the control group that dissipates as the children reach preschool/kindergarten age. The family structure variables do not appear to have any strong patterns.
Robustness Checks and Discussion
In the earlier section, Validity of the Identification Assumption, we argue that women in the treatment and control groups are very similar before becoming mothers, particularly after we control for seasonality with the older cohort. However, even though we have chosen a fairly tight band around the end of high school-approximately six months on either side-the data allow us to test an even tighter band, which should help to alleviate concerns that the control group is not a good comparison. Column 1 of Table 7 shows the results of running the same regressions as the main specification but for the new treatment and control groups. The treatment group includes only those mothers who gave birth during March-June of their senior years, and the control group includes only those mothers who gave birth during July-September following their senior years. For the older cohort, mothers who gave birth during the second quarter are classified as treated, and those who gave birth during the third quarter are classified as control. The coefficients in this column are sometimes smaller, especially for the educational outcomes, as would be expected from Fig. 1 , but maintain the same patterns as the main results.
We also check the importance of the decision to use women who gave birth at ages 23-25 as our older control sample rather than another age group. We choose ages 23-25 in an attempt to use relatively young mothers but ones who are far less likely to experience an interruption in school (including college) due to their pregnancy. Column 3, Table 7 shows the results using a sample of women who became mothers at ages 20-22. This group is much closer in age to the teenage mothers. The coefficients in these columns look very similar to the main results.
The analysis in the earlier section, Validity of the Identification Assumption, suggests that the treatment and control groups are largely comparable. For example, the NLSY analysis, which allows us to test for differences in a wide range of confounding variables, reveals that the treatment group looks more advantaged along some dimensions and looks less advantaged along others; and none of the coefficients are statistically significant. On the other hand, even though the NSFG analysis also results in a set of statistically insignificant coefficients, the signs of the coefficients suggest that the Tables 2-5 . The second column shows the results for a subsample of births within a three-month window of the expected graduation date. The third column uses an age 20-22 control group. The forth column shows results using propensity score match weights.
*p < .05; **p < .01; ***p < .001 treatment group might be less advantaged. To address potential observed and unobserved differences in our treatment and control group, we estimate a propensity score match between the two groups. The propensity score is estimated on age, black, Hispanic, state fixed effects, and survey year. We match using a normal distribution kernel density, and then we use the weights from that match to estimate a weighted least squares regression, which is otherwise identical to our main estimating equation. The results of this propensity score estimate are reported in column 4 of Table 7 . The results from the propensity score match are consistent with our main estimates. Although the results are not displayed in Table 7 , we also use a logistic regression, instead of linear probability model, for the outcome variables that are categorical variables. The coefficients remain consistent in sign and significance.
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Finally, we check the pattern of the estimates around the change in abortion availability with the Roe v. Wade decision in 1973. Figure A3 in the online appendix shows the life cycle graphs from the earlier section, Differences Over Time and Over the Life Cycle, with only the observations from the 1980 census. This cohort overlapped with the Roe v. Wade decision, which is indicated on the graphs with the vertical line. Women who were younger when they were surveyed in 1980 turned 18 after the Roe v. Wade decision, and the women who were older in 1980 turned 18 before the decision. If selective abortion were driving our results, we would expect to see strong effects to the left of the vertical line and no effects to the right. Although the coefficients bounce around, our results do not appear to be driven strongly by the availability of abortions. If anything, the results are stronger in the earlier period, when there were more teenage pregnancies, and we would expect less positive selection into the control group.
Conclusions
Lowering teenage pregnancy rates is one of the top priorities for public health officials in the United States. Its correlation with poor economic outcomes for both teenage mothers and their children makes it an easy target. However, given the disadvantaged backgrounds of teenage mothers when compared with women who delay childbearing, it is difficult to establish causality. The most convincing previous literature has found that the true causal effect is much lower than correlations would suggest, even when those correlations control for observable measures of family background.
Our study finds that having a child during high school significantly affects some later-life outcomes of young mothers. We find that having a child during the last six months of high school causes a 5.4 percentage point decrease in the probability of obtaining a high school degree compared with women who had a child just after the end of high school. It also decreases the probability of marriage and increases the average number of children. However, the disruption to education does not have any measurable effect on earnings. This suggests that the signaling value of a high school degree is not important for this group of young mothers and that simply helping a teenage mother finish high school will not help improve her earnings potential. Because we find that the timing of births matters for family structure, the families of women who have a child during the last six months of high school are significantly more likely to be living in poverty.
This builds on a larger national discussion on poverty and inequality. How do we improve the outcomes of individuals from poor socioeconomic backgrounds? How do we reduce the cycle of poverty? Fortunately, teen pregnancy has been declining for the last several decades (Kearney and Levine 2015) , making the disruption of schooling due to teen fertility much less common. Also, the results show that the treatment effects have declined during the more recent samples compared with the earlier sample, which may be a result of policies such as Title IX, which requires schools to provide equal access to education for girls, even if they are pregnant or have children (Guldi 2016) . Our study suggests that reducing teenage pregnancy and increasing high school completion may not be enough to increase earnings of teenage mothers but may have positive effects on other measures of later-life outcomes, such as total family income, poverty, and marriage rates.
